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Automatic Detection of Edited Parts in Inexact
Transcribed Corpora

KENGO OHTA,T! MAsATOSHI TSuCHIYA 2
and SEIICHI NAKAGAWA !

Large-scale spontaneous speech corpora are crucial resource for various do-
mains of spoken language processing. However, the available corpora are usually
limited because their construction cost are quite expensive especially in tran-
scribing speech precisely. On the other hand, inexactly transcribed corpora like
shorthand notes, meeting records and closed captions are more widely avail-
able than precisely transcribed ones, because their inexactness reduces their
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construction cost. Because these corpora contain both precisely transcribed
parts and edited parts, it is difficult to use them directly as speech corpora for
learning acoustic models. Under this background, we have been considering to
build an efficient semi-automatic framework for converting inexact transcripts
to faithful ones or exact transcriptions. This paper describes a revised auto-
matic detection method of edited parts in inexactly transcribed corpora for
this framework. Our detection method consists of two steps: the first step is an
automatic alignment between edited transcriptions and their utterances to dis-
cover the corresponding utterance for the certain edited transcription, and the
second step is a support vector machine based detector of precise parts using
several features obtained by the first step. Our experimental result shows that
our proposed method achieves high accuracy of detecting precise parts, and
shows that the partially-transcribed speech corpus generated by our proposed
method is effective as training labels of lightly supervised speaker adaptation.
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Fig.1 Example of precise and edited transcriptions
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Fig.3 Example of alignment between edited transcription and its corresponding utterance
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Table 1 Data statistics
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Table 2 Conditions of acoustic analysis for input speech
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Fig.4 Detection of edited parts using the proposed method
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Fig.5 Detection of edited parts using LVCSR combination
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Table 3 Results of Speaker Adaptation
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Fig.6 Detection of precise parts (syllable units)
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