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Figure 1: The vision-based mobile robot used in the experiments.
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Figure 2: Proposed architecture consisting of multiple neural networks.
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Figure 3: (a) the prediction error, (b) the bifurcation diagram of the RNN dynamics and (c)
the phase plots at particular times. The times are indicated by the dashed lines.
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Figure 4: The robot trajectories measured (a) in the unsteady phase (60th step to 74th step)
and (b) in the steady phase (75th step to 89th step).
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